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Orientation Analysis of Chinese Word

Gen WANG, Jun ZHAO

(National Lab. of Pattem Recognition, Beijing 100080)

Abstract: Subjective language contains lots of information about personal opinion and thoughts. This paper focus on the role of orientional
words in sentence context, instead of individual word only. For this purpose, an general analyze on the corpus precedes to prove both prior
orientation and the context impact are indispensable. Then we proposed two method to calculate the two aspects respectively, one is a revised

mutual information, the other is machine learning. And the evaluation of them follows in the experiment.
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