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HowNet Based Chinese Question Automatic
Classification

Jingguang Sun, Dongfeng Cai, Dexin Lv, Yanju Dong

(Natural Language Processing Laboratory, Shenyang Institute of Aeronautical Engineering, Shenyang, Liaoning, 110034)

Abstract: Question answering system can provides a precise and concise answer to a natural language query. Question
classification is the first task of Question Answering System must carry out, and the precision of question classification has great effect on
the following work. In this paper, we present a new method on feature extraction that use HowNet as semanﬁc resource and use Maximum
Entropy Model realize. We choose the ihterrogaﬁve words, syntax structure, question focus words and its first sememes as classification
feature. For the first sememes in HowNet can express the main meaning of the question focus words, so it can be as an important feature.
The experiment result show that this method can improve the precision of question classification: the classification precision of coarse

classes and fine classes reaches 90.75% and 79.8% respectively.
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&R — R HEER. FRAR. ERIB=AES, JLFERERNRNE RYE R EEAN BT S
HFIX—FE. RS ERENT FA MR, RYE i BAE F B ) BB B 45 58 H01E XA . a8l
HKRENBRGHTELBNE P, HEERNERREEZWEL TIENHT.

NI B S ENTRTROERE. SYIRETEFRNETE, BEREENE Dell Zhang HA
PR S (LR REND BITHEMTERL BRI S HIFARE RS2 BT SNoW (Sparse Network of
Winnow) 432538l T4y, RABEXGAM (WordNet) #4743, WEE T AERSEME.

SR 3B E B ENIRIEANRIRE , FEFE B REMMG/RIE T RFE5 R T S EEZuEn
UM BRI AT B B4 2. S BT KRR/ 42K HE R R 53 BIA R T 86. 62%F0 71. 92%"),

A SRR T —FSR A A0 P (HowNet {1 SUHHIEE FAT 4 95 1L, I+ B & KA (Maximum Entropy,
ME) #AT 2R ITE.
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& (HowNet) R—PUNZEIERXRBESSHMESZ AU EBEHEEZ BXRPAIRE. SMEER
R AP EICET SRS 0 0T K2 ik, B B BHE, FEg EREEBRS. EaMP, V&
RIEAT BB BAL, AR T RA22000 X R,

ZEENR P IT T HES E ESRHFHARIRIE S (Knowledge Database. Mark—up Language, KDML) 3R#Hiik,
KDML % #8819 2 MR A DEF 8 X Ri1A3(, DEF #k TREERINE XFEHE, w:

4 H: DEF={time|iT [8):TimeSect={day| H },{ComeToWorld| [{] t :time={~}}}

G AR R 0 R R ZiEEE DEF & X P HIMME— R, #lin, “£8” ME XERE “time|
B (8] 7.
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SEORER R EX T — 203, 3t 60 I,

4 [ RFFAE AIIEEL
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BmAEMMPRE LR (FS). HA TR 2R3 H TR MRS aE, M4 280 R T K i sk
) {EFIEE (B = B A AU M R A0S R . ZE P ER BN G L E Q: “CNN E—R5THBEM AR HF1#4T
WA
4.1 [aRREEEE (IW)

AR — N AR E EEAER, EARERREE R . B AR P X h 2 5 A FH i) —Le88 a)i7)
Blan “fta”s A", “CEBAFE”, W, TEN—ANENERE T, RGN R Q HHTHANNAARE, B
] “CNN/mx #H—/m &/iq [T #ivn BN a4k BHEM?, EFREDEECH “A” BE “H44a” 3] T i
THEE, BEWTUME, WA QMEEEARE “H4a”.

4.2 RIEGSHIENERE (SS)

ST RSE R “AHA” KBEM A, TTRAIIXENBAERE B — L BT HEN, SiLa4, %l
T —EHERRENAESEY . B RARRBT T
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H5E, SRR LUREEEMEE R Z AR RN RS A EERER, RIBEETE 4 AR R .
n. nx. ng. vn FHE—H “n” KRR, EINAREEMEFHDKEED A V7R 07 kRIR.

Hik, RIEDGERATRENF R, ‘B FEMERE L, FUNRATFEEE ‘07 FH, £ 097 F
MEMER “D” WHRTR.

RIBLEABHFRAN, SEFHEEE “Ha” MWABRRLERNESHRE nviD §— M AEAE. RE
XEMRURTTHETTRA, REEET 2 HEAARENOEEN.

4.3 EEEE[EIAANLEE (QFW)

giEmiATREL CHEEMEIRETA T SRS LS. XTENERIE B iERE B E
3G =R, AP ERMATRER—REER, LB P REEIERRELME. thinla) Ty
“RTAR 7

WRIFPOE AT RIRIA S, R AR AE T A A EEMNER, BRERAENMMFREREMENER,
Ho B2 AEERE, Wi EEArRAFRIEN “n” MR E/EMEE.

BILH— SRR, BEIAALKFRIEA “n” IR ELEE IR ZEUARICH “n” MIREMER. A35EH
ERIRNRAEFETTEN: EFREEEEA LR “n” KE, IREEDIRHATLEAIRLN “n” KR, B
WRKELFH. MRFLEFESMFEN “n” WiFE, ERESHMREN “n” MEVEVEEERIT. i, %
W EEM7TE, REEFREERERFD “RHER”.
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N E KA AT R EN R DT TIRE. TUEERAEREFR, ZAREFTIANRAHATEEE
BHEARRAAUNEUEE. B LA, RMNMESENEREESFEZMENER, WREA N E L
7] B R A BT ROA VB SR —RERY, BRAETEAR KREE LR X WA M AR BT R IK A TE b —HE. tean: 3Tl Q.
WA LUXAERIR: “CNN B H2T4aB#? 7. S LT J7 2 Seretd HIT e TR 5E 13 3 AR 4
09 “BHE” R CHER, MUEMNEEY EREAWNELRE—H, MERT KFEMARMWEHE.

2005 fRENPI SR XT 81447 MFIVCBEAT T8 X Hak, X T 157185 MiE&IDFK. NIZUX MG LT &
= AR IO R A A G R RO M R R 038 . BT UAERAT R FE T 40 AT i SOR AT 47 o

CRHRT A CBINT ERR R Def B X R “DEF={time|Ff[8]}” F1 “DEF={time|i}|&]:TimeSect={day|
B3}, @A, eI Y VREESIRIT I RIEIZ AT AE L, BT U BERI W ME R E LR “time]
B8, AR IXPAAN R — AN EEARE. AP, XHZA Def EXHE, XEHAREL TR,
At B4 18] 4% B8 40 9 R ) HEZ BRI R SR — A

5 SSRERRERDT

51 [CIRREE

RSB B T T ARIR Tk 345 B R T 50 2 AR R 0L STATAL S R 5 A SR B 4
8, 3t B AN SCRR7] FLAY A 77 o0 1 BLAE R4 VIR G A AL, B 46 1 T SR S A T At s tn R 1,
TTLLE &R R A AR EUS 4 |

£ 1 BRI ER AR AN

K2 (Coarse) 4R R4 MARLE ) B H
A¥ (HUMD 320 179
S (LOO) 876 352
5 (NUM) 1062 238
ifEl (TIME) 619 148
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52  FMERE
SHREFNER D BERBRAARX (1) #HATH0:

PR IERA SR M A
MK S P B AY ] AL

SrEHERRE = x100% (1

IWER

AXHERECHIENER b, RALXKEHTOE, B DIEBHTIRMTTIE. KRER/DFERIZERD
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B 1 RESERRTEE

BARHS (Maximum Entropy, ME) #IUR—HCEURBAMSGHER, &6 ToREBKAR. BTSRRI
NATEAEEAEBNS NG, 0. SORSZ. AEARE. ARRMNEHCU. T8 = 3 B BT
THCBERARITIAR, A SO AT RO R AT p) B 38 380 BAVEE 098] (IWD. A)vE45H (SS). BRI & M)A
(QFW). BERERALEEM R E R (FS) 1E 0 R454E, SN RFAFIEA ST T B SER, SRk 2
Bz

R2 ERARAOFENBRIMIHLER

G SSHEAT IW IW +SS IW +QFW IW +FS IW+SS+QFW+FS
HERISE
7 KEEHEME 65.92% 69.01% 76.32% 84.51% 90. 75%
60 /INKHE 2R 35.31% 37.78% 67.54% 79. 8% 73.01%
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B 2 AULEFEY, BEFARPFEN, RARKBEENSREREHENTR. YESFHETIER, 7
AN REMERERIXE T HREE 90.75%, T 60 NMHEMHEREN 13.01%F R REEE, BEELIERR IV A
FS R AFHE, XET 79.8%. HTRERAET: AT/ DRSNEH, TLMEIAPREFER TSRS ERR, F
AR TS ZE. BT, TRAVIRIE A TS S FIRHE R B R T 45 i, AT R AT AT S 4E, T
AT NS5 ST R B RO P I — — [ BT () 3R RN 58 1) B 0 im 2E G R R o SR

LR LI 4R 0 BT IR G R, LT R EEK:

FB—: BTIEEIREE 9B ARG RARICN “n” M, EFT R AAMEARIE B AR R AR, Xtk
FEEE R B MR DURZIAEE A R RN AR

FE YGEFFLE AN RFEH RS FARELS B, TLERB SRR —,
F= ATNSEEFRTEGRE, TRASMMBESAENERWTR, ST IISGEFRTURTHERT, ni
FEMREF LI, MAEAELTHTE.

F: ATHFXRBHRETRNPFEEAEHINE, RAAKFEEOET AN,

6 HEMREE

MER SR LU, AR AMBARERIRI L TR (RS . AL T0E HAME 15 L EE, ME
SR A EFATHAE R, REAE 7 D RERMERZERILE] 90.75%, 60 N/INERERHEILE] 79.8%, HLFKLI L
R4 RIRE T 4.13%51 7.88%.
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