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Gender Recognition of Chinese Person Name

Jun Lang, Bing Qin, Ting Liu, Sheng Li

(Information Retrieval Laboratory, Harbin Institute of Technology, Harbin 150001)

Abstract: Gender recognition of person name can be used in natural language processing and information retrieval. This paper has tried
two methods on automatical gender recognition of Chinese person names. The one used bayes statistics for comparing three models of
Chinese person name characters. On 100,000 person names, experiment showes the end character has better application ability. The open test
accuracy achieved 1o 82.95%. The other method used context for gender recognition. Hownet and web mining were appiied for extracting
gender designators. In the returning snippets from Baidu, male and female gender designators were counted for judging the final gender tvpe.
On 81 person names, the best accuracy in context based experiment was 96.3%. Experiment showes the gender designatores from Hownet

have better universality and that from web mining have better adaption to fields.

Keywords: Gender recognition; Bayes method; Gender designator; Web mining
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B (R0E F A EAME BRI AREN, &FMERENES ERNORAEE EB T, ALz
-E'fPA‘- ALAERRAIMAE A4 0 FA4F SR BT £ SO AT A AR, o LU d Al pak

A MRLGRERE R,

BX L, NZHRRBRREREH LT KL FREARRES, FIE AL, AEdEERREY. qEs
HT 88 Minipar R T 200725 B30 g6 £V 3CHE A 2SI LR A MU 0 J7 % . SCHR[6]R RN T W
FAERHIAAR: T Minipar 0745 RAGBARL, I web 8245 RAIMERIETHUR. P ICT7T, JCHR(7IX 7 TR A
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EHEEARA—R, T BHEMZERRE, IR LT XFESRMERENS.

Zkifﬂ,/\ﬂﬂh BB L HF AU, SRAANER U B 7, ﬁ**ﬁﬂ%@?’*‘[ﬂ)\zt{ﬂl‘ﬂ*
BFEAMAMAXER: BEZHoRULAE LT XM AR, ETRREA 4 LR ORI AR MR m ik
MEALEN: BEMYEERMEL.

2 KB R B AR

2.1 BEAsR

SHF A E A5 name, B name = wowiwao wo M AZHILER, WGk, T, BA'E. wohPEFE, HToF
AL, REREUM=FAL, w N wa AR RFE . KH Naive Bayes vt 7 ik TN A4 E A 45
INAiakeA !

: der :
gender” =arg max p(gendel | name)=arg max piname | gender) plgender) 1
gendere] m genderam. £ | plname) (1)

=arg max p(name| gendrr)p(gender)
genderelm. f ) i ’

A1) gender 2 TATREMIMEN], m BRI, fRTLM, gender I name X IR ATHENI R KT
BALHERERSER, LA | PR,

R 1 AZTNFREZM=F Naive Bayes R

Tab.1 Three Navie Bayes Models of Gender and Characters of person name

450 1% 2

I w2 gender ™ = arg m.,.flliff,,_,] pOw, | gender) p(gender)

2 wywy (FILST) gender” = arg W‘ma}h/_lp(\xf} | gender) p(w, | gender) p(gender)
3 wiwy (EE{) gender” =arg  max  p(w,w, | gender) p(gender)

gemderelm [

BRI R EAL RFEX B2 B AZHFRFRRETRAEA KRR, T -EZF AL
1RGP EASFIRETRIRE, TRFAEF LR B3 R RS RERRRE AL R RE R RE
Fo HIN CTFERTL CRERR . “SREET e RN MR ERUBFAT N — DR A BT LT 4T

22 KBRMERSH

RN B4 TTANZERE . InA 6 J7 A%, %80 3: 1 BIAL I, 15502 2 PRI 8. X 10 TTA
LSRR E AT E R 18 Z 8] 30 HZIMMER A I 2.1 MURITIHER, 15504 3 PRI L .
F 2 FEANSH 10 T ABEIER
Tab.2 The distribuation of 100,000 experimental person names
PEG MR (3/4) R EE (1/4)
Bk 56481 18827
ot 24786 8263

DA R e, ShEAST R LR A S, D, A9,
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Tab.3 Bayes experimenal result on 100.000 person names

e | BEAZL AL ,
w7 | BR TN S AU R
J 7N - AN E N AL 72} g . N
et MR I - SR e | %
i iR A R
) 94.93 0.6726 |
Hitl | 53615 | 2866 y ? 16672 | 8115 . 86.49%
: h& 90 8 0.6282
1.7 .
Fi | 17279 1548 5191 307 82.95%
% 98
) 0.6317
it | 47005 | 9476 83.22% | | 15658 | 9129 77.11%
2 Wiwy (ZEH 02
<7) - 0.6642
FE | 14675 | 4152 77.95% | | 5488 2774 i 74.43%
95.72 0.8577
£l | 54065 | 2416 21260 | 3527 > 92.69%
3 wiwy (*éf % 08
%) 86.01 0.6762
I 16194 | 2633 9 5587 2675 20 80.41%
(1]

R 3 RN, AETFEANE IR, A2 BRI E . BV A L0 05 IR F 518 8 58 A LAk R
B FtEE, RePEREL—AN2FELROZ BT EELENETAAT T,

B3 A E PN, SR EREBE R WV AT NMFERSUT R RS ARl B R 4R, FIaE
R RATREF M5 R, TMHXMERERESE S RF XK.

TR A 80 1 SR BUR AT o R 3 B PIHINAR RS AR TR R R 1 -k, ﬂ’f('&‘?ifﬁ
6 THHF, T3 WEEEIMIERAT 360 U7, TWisEIR AT L7 BRI, IR T ik Fllﬂf}_ﬁ”ﬁlllﬁml“ o BT
HBERMEL R AT 6000 4, SZUGAY)LITEUR T LIE F 2 8. Frblil B bakskge & .

WITYAT 10 TEIENRR, RAKHPEALRFHI7E S RI8AFARCR . W R G i 4 3018 2 509,
FH N2 8 F R R AR N B R T B R B B AR .

3 LT XMAL RS

5 ETF SCRHE R A A 5 R TS T LBV A IR — R AN IR BT N L N SCH L AT IR LB LR T A
LA R BIRI R R I NH 24 ﬁa‘xdnkﬁ’]i‘ NITHFAEHEA T A MR WU N T 2 PR 40 K
BEAT ST
31 ETCRERNERE

B, “obA7. “/ANE7 “H:7 CUTR” TREBREN SRAT VIR TR A LRI A0 B e a k. IRAIEEHLT

PR ST I e FREN M 5 148738 . A\ Hownet T3RHR, FIFIH] W 48375 i .
3.1.1. M Hownet ZJREX 557~

B30 R A R 1 1 S B P A T LU U AE WordNet sk iy 773 M, Hownet 42— oh oz A,
RS, BEZEMNXENBEATESYHZENXE.

Hownet 1376 & 1, A “W_C” H/RFI0AE. DEF K€ X, Hb “male|H” Knizinl i HrEET
i, M 1.a; “femalelZ” A LMIERE. W 1.b; “#male|B” FRBHEMIERT, WK 1.c: “#female]
L7 FAMERERE, W 1.4 :
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DEF=human| A ,family] DEF=human| A #GetMarried| DEF=fact| ¥ 1 ,exercise| & DEF=too}] 1 B ,*decorate|

W_C=#% W_C=fLi | W_C=%51% W_C=5l%t
&K, male| B 2L 1% female| X 25, sportfAE #male| Hi4fe #female| 2

a. BHEIETE (£199 D) b, RUMEHETE (3397 D) C. BH#EXFETIE (£ 91 d IMHHEXETR (FEe21)
B 1 Hownet FHiEXAEIRIHERITR/RIRE

Fig.1 Gender designator exapmles extracted from Hownet
312, MSISEMERTETIA

Hownet RITERIIRNALERE T ALRETR, RO EE BWiiT e EAR, flm ‘@8 &, mMARS
REFPURYT B, TRt IRAISERP SIS I A K S5 7517

HEREZHERIENBHMMT. BHRF. RHEREH: EHENEL. wfF. CHEREH. &
REBEEHLBEETH 50 DA, HIH 2006 4F 4 H 14 B ANADHATE, ZHREEURAREZFEANL KT
%o 13593 NBHLN 88 ML, BIFLHIER 100 AL (50 B 50 &) AT HERIERIRERRR,
N 81 AN (43 B 38 &) H T RIS R PR

S 345 100 NALTINE B, 43R [7 Snippet 47 1EHEFRIE . 3T Snippet #&ME BIAR X2 THE BT St
PO S E M AERIR B . HERY Snippet PEYILIIE L. EIRRETEN, N T LG HBIFGIANE, FH I
ST Beta 8T, —AEEE, AT B, HRRESSN a1 B -1, XTI Beta 4345 4 [a,B],
ARG TT T LU TR o FI B ISR B, AR (2). TR o F1 5, BIEIRAGEE AT 725848/
{90 Beta[3,2]F! Beta[300,2001%% M {77 & 435l A 0.04 FI 0.000479,

2 af
“ ~(a+ﬁ)2(a+ﬁ+1) @

ARSI e R AN, HE S L AT 75%iais, el ER BT OA/BEIRD BRILHT 20%. R

R AT R H9 100 DB A NS, BEIF. ZRlERE 20109 143 R 151 A, 8o 4 Rk 4 i

® 4 NBEMRER B HERERT

Tab. 4 Some gender designator extracted from Baidu

B tE A1

MW AR B yra— s g KEM
B 567 558 9 98.41% 1.59%  3.03E-05
3 f£% 562 552 10 98.22% 1.78%  3.38E-05
12 392 38 6 98.47% 1.53%  4.42E-05
493 | 492 020%  99.80% 8.11E-06
Z  ’E s 4 507 0.78%  99.22% 1.88E-05
7% 326 3 323 0.92%  99.08% 3.66E-05

XTLEHTE A Hownet iIRAIEIE, RIL Hownet XY T-—LE48iH ) DEF 1 AEL& A B A PE S Faon (5 B 6
1 Hownet 91 “H/iK " /) DEF & “ DEF=aValue|[B 1{f,appearance(5t 3 ”; “ L BE ” 1) DEF 4 “ DEF=human| A female
2 adult|ik”.

32 XAMANEREGR LETXABEINIZ
27 3,12 M RRRMTIE, RHMERIR R M LN SO R an i 2:

f http://top.baidu.com/
PRI AR LR EE A FHiF AR Bl IR SIAE. PR . LRREMmA.
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Baidu b3 Snippet | |H&/nh F/n &3/ /nh RéE/nt R/ Tihu A/n R/d E/d
: Y sy 9/ K/a BiB/n , /wp BI/v JL/m BE/q Wil/nd L /vp

——— ¥ 77 U n/d Be /n fifa BN B0 BE/0 BB/ 1/

(L BERE | SR o v —im B G5 B Ry T S

v
| % &EHR B
/__Lﬁ —y
= sy
. HF Do duffy M BRI b. R

M 2 T Baidu BUHERI B HE

Fig.2 Gender recognition flow based on Baidu
X 3.1.2 3 81 MR AL, SR Hownet FUE JEA P G 7 Se s, g5 ans 5 R

F 5 HETIERINN LT TA L P BIRAL R

Tab. 5 Gender recognition experimental result on designator in context

2 AT {lownet FRoR ) - HEER R

Stand-Male Stand-Female Stand-Male Stand-Female
Baidu-Male 41 0 38 0
Baidu-Female 0 37 3 37
Baidu-Unknown 2 o1 2 1

# 59 Stand RS S, Male #oR B, Femal #7x 4, Baidu #7R14E Baidu R [P Snippet Fi1Y
iR . BT 2 HEMNME N IRIE M EE, SIS F R, MR R Unknown), RFEFRIRRTA LA
. Hownet M HEH AL LE P Stand-Male. Baidu-Unknown #li4& 2, ZFIVARAE “Hi0H " R “if 3585, 411
Fy AV SIHARE N “Ahmh AT R W E M Bn T XAHNHRATRIOC Snippet A L. PIANSTEE D
Stand-Female. Baidu-Unknown %372 1. [GUMES R “OME” #4854 “Ihmh @i To ALITTERI K I o
4T —deug

PRANSIzIg o H AT SRR A SE G M AT B MR T L. Stand-Male. Baidu-Female S W (149 3 /> A2 2 0 “ ik
TR CBMET AR BOFRNHIN AT RE A, PRI Tt CRAR) T steblH Y
B T T, M THESHEEM 100 M AT, I T EETELH 4 AN B Es—k, Wit
R LA LA BR8N R 2R TR .

BT BN SCRRE R ) 45 R, R AR A ML AT A 2 D B B A S B L. 2 5 P
Hownet Al & [R 4557518 SE 56 19 B AR AL R 2250 )0 96.3%-+ 92.6%.

Hownet TENIR7RIE & AN L UG IR, M 85077 550 A2 38 T4 19 WA A EAZ, Wl
PR % 354 1 B4R ORI M 77 T DAERARIEE T Hownet 197738, W R Z 85 1AM S A HOP R 0R T4, A HiR
BIHNEIC 2 2 BRI . a0 Bhn 2 EAB AR AT 42 AV %2 18 240 47 07 9T Ba S i i w4 AR T o aZBp LT AR
FHE SR GBI TE R R 78] . A Hownet 3G 4 0 oR 10) d: 4ITS B A9 Lo LR il 47 e ), s
WX LB B 7RI LA B s H

4 FRREE

AICFAR T PR AR 0 A A 50 1 Q30 5 ET—J\ZJJ nu\'ﬁ’/ SAANELRERE JUTT LT B I %,
LRI AL R T AT sk e . M Hownet R SR (G 0000 00 50 Astb 10 30 8 vy b il
PR, ERERET T HOE TR W TE XA T ) AR S LA A IR A 1

170



T 1A, BAVGESTE LRPTR T =SS L, MGEEFAALRTMAL LT k5RO

NSRS LI Hownet L ROH SR FAMREHS MM AT AR A T — 2, (TRAS RN
BT BRI
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