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Abstract: In Statistical Machine Translation, effective selecting training data can generally reduce the burden of system
training and decoding. Addressing this issue, considering both coverage and sentence pair quality, we proposed a
framework to select a small portion from the whole training data set for SMT training. In this framework, two factors -
coverage and sentence pair quality - are considered to model the data selection problem. Experimental results on
CWMT2008 Chinese-to-English MT task show that our framework is effective to select a subset from the large training
data set.  Even trained on the 20% data zelected by our framework, the SMT system can achieve comparable performance
with the baseline system (using all the trai.ing data)

Key word: sentence pair quality evaluation, coverage, statistical machine translation, linear sentence pair quality evaluation
model, training data selection.
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T8 SR SR L T F IS EE s .

BR, EXHFRAT, FEECASERRMI, Eck SRR TR A MIIZE
FHEIBABHAT THR. M HRH— BT rgran REREITESRIIE — MRAMBIIZ
ERTE, H AR FERERI— MRS A R L AT IR B RS

WAL, ZETATER RO ENRET, TR AN IEERZNA 2.
IMBEEEIIGEER (IR SHTERO0IT, BABEBTREERS, SEEMRRSIERIZ
G PIASEIERS. SXINUEEAREITA S, BRRR, RBeR S SHS T —FiE st
BESPAT IR A AP RO HE AR AN AR F BUE B S O AT E R T T M HEFF
Z G BB A BRI A RN SRR | |

H T EE RGBSR T e R IRIE SMT BSTYIZRERSN AT, ACiRh
T —F AR SR A NI RS R B AR I . B AR I8 T B A5 T
BB 2 P R OB B k) . SR 45 SR B A VeI B TR E R HER T 9
SRR, {HA SN (EEAE R 20%) SERENAR T 54 H &SRR R 0 an R

Ho

2. YZRER T HEIEHUELE

AR TIERIEAHELE R . WA RSB ZaERE B — X RE#HIT A5
WS e B, BREEN BRI T NIRRT
REGENEER, SER—TE: BHAREEEPERITTEIEN ST RERVIZRER .

B R
FHER @

R
retns
®

BB
s O

H 1 2T RE P R RN SRR T A EAUERE
BENMERRRE AP RSy AR SRR AR T8 SRRV S rliai. AH@EE
RIEAE G AT IR R (L5 3 9 . @EMER IR AR RRET M EIRIRHF
@% BT B R IUEEH — TR U SREE G TR S A SRE R O UURRAE S 4 Wit
A, T E N RE RPN T B R A IR E R AR BT i,

3. AN RBIE

MIAEEBHER — MR EFAAXEREE ISR TER, BB IAXREE, ENHBENLS
SRR RISFE R BB ME. e RSN FHE LT & OMSEXSEEGMBITE
LB G ORERM BAREQ NI FCEUER. ETIXFNEE, 303080 —F
SRS ARG OX AR, BREFAN A,

3.1 AREIM T .
 ERIUEAIR IR A S I NS SHIE: BT IUEAROBIRRE, B, B
R, BJE, 7£3. L 4 PASGRE MR S IR G S P I R

-222-



3.1.1 HHE—: ETICEEFRMNOEREE

FRAESCEEFR R, A H T EiE R E:

ranslate (wg) 2"’: Translate (w;)
szc (S t) \/7 7l‘engt h(ts) lengt h:t) (1)

Hp, s ERREESAT, tRBRENT: wHlw, 0B R AXNEE A PRI
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Y, Translate(w,) FoREEAFHETE B R EIRE RN EE: X, Translate(w,)&
BRI fEIERE AR BIR S AAN B . ST Translate(w), WMREWEEXNNAHE
PSRRIy 1, TR 0.
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TR P(F[<s>)=0. 05, P (& |#)=0. 01, P(4~[ &) =0. 2, P(24 | M)=0.03, HJTFK n=4 4
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Data size Baseline _Phrase pair ourmethod (SQi+phrase pair)
1% 0.1438 0.1638 0.1706
5% 0.1958 0.2123 0.2146
10% 0.2123 0.2283 0.2299
20% 0.2277 . 0.2404 0.2412
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