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Abstract: The domain-oriented sentiment lexicen,which helps improve the accuracy of  text opinion mining, is a hot top ic
in text opinion  mining. Th is pap er an alyzes the ki mitations of the text-level algorithm, and d escribes a s entence-level
approach for constructing domain-oriented sentiment lexicon. The algorithm in this paper adopts the Laplace smoothing in
calculating the relevance of words, and extends the d ocument term frequency and imverse document frequency of concept
to the sentence level, then finally clus ters th e can didate words by 1B algonithm. Thism ethodis used to constru ct
domain-oriented sentiment lexicon in the hotel area. And the accuracy we achieved in the testing corpus is 71.63%.
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