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Abstract: Domain terms usually have one or more domain term components, and their domain importance is mainly up to
their components. In our paper, several domain texts coliected as corpus, we develop a weighted phrase network with
candidate phrases as nodes in the corpus, based on the prior recommendation assumption, which means domain terms with
the same component are likely to have similar impoitance scores. Under this assumption, we apply manifold-ranking
semi-supervised learning on domain term extraction task. With only a few domain tenms tagged, all phrases get their scores
by spreading domain importance to their similar neighboers via the weighted network. The process is repeated until all scores
are stable. Finally, we extract phrases with higher importance scores as domain terms. This method is experimented in four
domains, and proves effective.

Keywords: domain term, domain term component, manifold-ranking, semi-supervised learning.
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