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Noun Phrase Pre-reordering based on Rules
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Abstract: Phrase pre-recrdering is a effective means to improve machine translation performance. We
summarized some reordering rules of noun phrase through analyzing roun phrase structures in English-Chinese
iranslation. And the experiment shows that transiation is improved through the use of these rules. In spité of such
improvement, expert rules are somewhat coarse. To deal with such defects, lots of reordering examples is
collected. And the experiment shows that translaticn performance is improved, compared with that in previous
experiment.
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