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Abstract: Engkoo is a vertical search engine for using and exploring language - currently applied to English
for Chinese users - however the technology itself is language independent. At a system level, Engkoo is an
application platform that supports a multitude of NLP technologies such as cross language retrieval,
alignment, paraphrasing, and statistical machine translation. The data set that supports this system is
primarily built from mining a massive set of bilingual terms and sentences from across the web.
Specifically, web pages that contain both Chinese and English are discovered and analyzed for parallelism,
extracted and formulated into clear term definitions and sample sentences. This approach allows us to build
the world's largest lexicon linking both Chinese and English together - at the same time covering the most
up-to-date terms as captured by the net. In addition, our data set is intelligently merged with licensed data
from sources including Microsoft Office and Encarta. Finally, the resulting vast, ranked, high quality
composite data set is analyzed by a machine learning based classifier, allowing users to filter down sample
sentences by combinable categories. A working system of Engkoo, currently exposing a subset of these
technologies, is accessible via www.engkoo.com..
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HETH Engkool.5 fREIE T W T Thke
() WMAFIOEREEE, BEEXHEE. REE—4AF4.
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tan  “adj. girl” WRWELHFEBMSLE gl KFIa.

1. She had been a stunning girl. 2. He is squiring a pretty girl.
AET R — M ER BRI fERERE — MR R IR S 1.
3. The little girl soaked her clothes. 4.  She was a dull-looking country girl.
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2 They publish this report with all reserve. &
MR FXH L EBRFERES.

3. He has threatened fo publish a weighty refutation. €
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(5) TTS BAEETIEE. AT LRI MBI R B R 0B B & AR SRR ICH TR k.

HALTIEEIEBHE: query BEIAMEINEE. RISCAFIESCAITIRE. 4 RERASIEMES
HIThEE

5 it

EXFEMN BT HREMNARRE BRESHMAER engkoo HIBFEINEERR
IH (http://www. engkoo. com). EmNHE T EL BN EREIGEREMFIR. 5 FHE
AR AFEA FREEEINE NSRRI, HNBEEERE, NSEEES.
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http://research. microsoft. com/en—us/groups/nlc/
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