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Abstract: Since multi-word terms occur much more frequently than the single-word terms, most term extraction systems
focus on the former. But many foundational terms in specific domain are in the form of single word, and they’re the
important components in the multi-word terms. In the single-word extraction process, fuzzy C-means clustering algorithm
is introduced to transform the extraction task into clustering task. Without manual assistant and additional resource, this
a;;proach could get a satisfying result.
Keywords: Natural Language Processing; Fuzzy Clustering; FCM Algorithm; Single-word Term;

1 3|5

BEE MBI E AR U RERE RN B ATHE, MIESREESFAITNEMER, K
FRLUCCRS B BIR 4R T AR ZH. A T EEMNX LSRR BO RSB A A, R RIE
IHIRG,  BEIARERMEE AN & B2 2 AN IR EL.

ATERNMREBERGD, H 80% U EMAESLUREMRALAY, RARKEERE LS
FET LIS, EIMAR S AEREUT EEEHIAR BArBUEAE T AARARE B, BRAEME
M B, REAREBRR—MAZNEG R, BRERT ZEHIZZRAHMREY. £&
EWguEA, REEENAEEHRZUSMACAARI, myBadn) “5”7, “3%” &%,



B, #RAMAEHEAAMNABENEEHRTEY.

BT RAEAEBREEHERERD, Bl BT ER N SRR ATEMECTEE A T £ 5
HHBHYUE. Lemay & L'HommePHR N T FIFr BN ERg: —R7EiA T [ E AR B FE R RN,
BERE—EAERE, B RIaEA REREH E SRR ARE; H—FOnENRES
WA ATER R AT T4, BT B A7 T A AR AT R E A RIE. Zan®
MIRAER T ALK RIXEE S 2 CCD RABEhE R B I ARE.

LA BT AR B IS MR B, (BRI E R RS KEMA IS £
1 B R 2R EAST R, B HRERCSARAENHE. Fik, SINTESR
HHLE], HBHE TR N REBTE .

2 FOM I8
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4.1 ERERRSHWE
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XHREEF R 5,000 ZEIAMT N TABESAARE. HPHE 1,568 MEARETRENAR
. M FCM BREERHRGESEHATRIN G, 4RWK 1 .

F1FCM RREEMGER
ATHitR FOM B4R FCM Y ERs R
EFH 1,568 925 752
HbiE 3,369 4,039 3,223

B | TREREIE, AILIE REA FCM BREESRIRAERET KRR RAER, f%
3R 81.30% M EME, HEARIRMEE, XN 47.96%.

BT AT RIAZARERB RS T ERD,  BATERE TFIDF 77iEMUARst, SRELE FCM
BN T HEUREF MR, TFIDF FSER 4R mE 1 HHoR,

BEE 1 LR, HAERREFE 70% U LRRE, BEIZRWY 19.64%; TAREEXT
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