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Abstract: In this paper, we divide the PCFG based Chinese Syntactic Parsing into two stages, K-best basic model and
Reranking, and the second stage reranking is the emphasis of the research. There are two novel points in this paper: the first
one is using the improved voted perceptron algorithm to reranking with the transformation from ranking problems to a
classification problem; the second one is introducing the tree kemel method, and improving tree kemel form two points
rules weights distinction and similar rules converging, which increase reranking efficiency a lot.
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