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Abstract: This paper presents a new method to acquire Domain-Ontology relations from semi-structured data sources,
First, obtain documents according to the co-occurrence of concept instance and atribute value. Futther, define formats
of relation patems, and extract patem instances from documerts, including pattern clustermg and pattem combining in
each cluster. Finally, relation pattern instances are gpplied to gain attribute values of new concept instances in
Domain-Ontology. Experiments are carried out in fields of film, book and music, the rate of pattern ncorred-division
and patern leakage are respecively 0.19% and 131%, the highest precision of combmed relationpaterns reaches 85%.
Experimental results demonstratethat the method developed inthispaper i fairly efficient.
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