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Abstract: In Chinese-English statistical machine translation (SMT), Chinese texts always need Chinese word segmenta-
tion (CWS) which segments sentences into words. However, CWS is not developed for SMT, its results are not necessarily
optimal for SMT. In recent years, many investigations have been performed concerning making CWS suitable for SMT,
but we explore it from another direction. In this paper, our basic idea is to use multiple CW'S results as additional language
knowledge source and we present a simple and effective approach to use multiple CW'S results for SMT. We also give exp-
eriment results over rang of strategy, and the best result shows we gain 1.89 BLEU percentage points over a start of the art
SMT system without using muitiple CWS results.

Key Words: Statistical machine translation, Chinese word segmentation, mixture modeling, feature interpolation of transl-
ation model, multi-strategy feature blending of translation model.
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