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Abstract: The traditional document representation is a word-based vector (Bag of Words, or BOW), where each term
of the document is associated with a dimension of the vector. Although simple and commonly used, this representation
has several limitations because of the complex relation between documents which BOW method can hardly deal with.
To embed background information in order to enhance the accuracy of classification model is essential. In this paper, we
proposed a approach of gathering the information of Wikipedia as background knowledge to enrich the information of
documents, the method overcome the shortages of the traditional method(BOW).The model is proved that by use of
Wikipedia to enrich the document information can improve the accuracy of document classification.
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