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Abstract: Discovering relations between named entities in the field of information extraction is an important research
topic. In this paper, the patterns describing the persons’ relationship are extracted automatically by the mean of
sequential pattern mining. In order to avoid sparse data problem, the similar words which have the same expression
pattern characteristic in the text will be clustered and that will improve the coverage of patterns. The method of
assessing the patterns is given. The high accurate pattern will be matched with priority to improve the accurate of
persons’ relationship recognition. The experimental results show that our approach is suitable for the information
extraction on people relationship. The accuracy reaches 84% and the recall rate reaches 75.2%.
Keywords: information extraction, people relationship research, sequential pattern data mining, pattern refining
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