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Abstract: This paper addresses the word deletion issue in phrase-based machine translation. From the standpoint
for human reading, we categorize the causes of word deletion errors into three classes. We address this issue by
introducing constraints on unaligned words of source language in phrase extraction. Two methods are presented for
the design of the constraints, including a frequency-based method and a part-of-speech-based method. Automatic
and human evaluations demonstrate promising improvements in translation quality on both the Chinese-to-English
and the English-to-Chinese translation tasks, with a gain of compact phrase tables.
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