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Abstract: Identifying the relation features between named entities is the key aspect in named
entity relation extraction. Traditional methods usually chose the lexical features and other
simple features as the features of named entity relations, and their capacity can hardly be
improved now. On the basisof traditional methods, this paper proposed a new kind of Chinese named
entity relation extraction method, adding syntactic and semantic features to the relation feature
sets, such as dependency parsing, core predicate verband semantic role labeling etc. Chose the
SVM as the machine learning tool, and took the true news text as the experiment corpus. The result

of experiment indicated that this method could improve the F1 value obviously
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for eachSentence in sentencelist
call LTP-Cloud to process eachSentence using GET method
get the length of each namd-entity, and add this property to the first word of each entity
create an empty tempNelList , waiting to save all named—entities in eachSentence by order
create an empty tempV , waiting to save the key verb’ s properties of eachSentence
for each node in eachSentence
fill the Bags for the properties of words, ne, pos, SRL, relative etc.
save the correct node into tempNeList
save the node of key verb into tempV
for eachNode in tempNeList
find the boundary of named-entities and save a whole named-entities into nelList as
a node
if the length of nelList is less than 2
ignore eachSentence
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for firstIndex in range(0, len(neList)-1)
for secondIndex in range (0+1, len(neList))
create named—entitied pair
form the features of neList[first]within current named-entitied pair
form the features of nelist[second]within current named-entitied pair

combine the 2 feature sets to form the features of eachSentence

save the features of eachSentence into a certain file
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