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Uyghur Text Sentiment Analysis By Combining Lexical Knowledge

with Machine Learning Methods

Rexidanmu Tuerhongtai> ~ Wushour Silamu'  Yierxiati Tuergong
(1. Multilingual Information Technology Laboratory of Xinjiang, College of Information
Science and Engineering, Xinjiang University, Urumgi 830046,China; 2. College of Electronic
and Information Engineering, Yili Normal University, Yining 835000, China)

Abstract: With the improvement of the Internet, a large number of Uyghur network information has been
established, which emerged an urgent need of sentiment analysis in the different fields. Considering there are not
enough training data and a complete sentiment lexicon on the Uyghur sentiment analysis field, this paper
combined the Lexicon-based method with Corpus-based method to construct a classifier model, which is called
LCUSCM (Lexicon-based and Corpus-based Uyghur Text Sentiment Classification Model). Firstly, this paper
classified on the corpus by using Uyghur sentiment lexicon which was built by hand. In the process of
classification, the dictionary is extended recursively, then according to the sentiment score of each sentence, select
some sentences to train a classifier and improve the classification results of the first step. The accuracy of the
hybrid method increased 9.13% than using machine learning method, and 1.82% than the lexicon based method.

Keywords: Uyghur; Sentiment Lexicon; Sentiment Analysis; M achine Learning
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