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Chinese Image Caption Method Based on Multimodal Neural Network

LIU Zeyu*?, MA Longlong®, WU Jian', SUN Le*

(1. Laboratory of Chinese Information Processing, Institute of Software, Chinese Academy of
Sciences, Beijing, 100190, China; 2. University of Chinese Academy of Sciences, Beijing
100190 ,China)

Abstract: Image caption is a problem which connects computer vision, natural language processing and machine
learning. As a basic task of multimodal processing, it has made remarkable progress in the recent years. Research
on image caption generation has typically focused on generating a caption in English for an image. But generating
Chinese caption is lack of research. In this paper, we propose a method generating Chinese image caption based on
multimodal neural network and feature fusion. This method belongs to the family of encoder-decoder. Encoder
based on convolutional neural network, consists of single-label visual encoding network and multi-label keyword
prediction network. Decoder based on long short-term memory, consists of multimodal caption generation network.
In the process of decoding, we propose four multimodal feature fusion methods: CNIC-X, CNIC-H, CNIC-C and
CNIC-HC. Experimental results on Chinese multimodal dataset Flickr8kCN show that the proposed method

outperforms state-of-the-art Chinese image caption methods.
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