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Multi-level Attention-Based Distant Supervision for Relation Extraction
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Abstract: Due to most of the existing relation extraction models couldn’t make full use of the local and global feature, we proposed
a distant supervised relation extraction model based on Multi-level attention mechanism. We employed an attention matrix in pooling
layer to capture the word-level sematic feature which indicates the relevant relationship between input words and relations. Moreover,
we adopted sentence-level attention mechanism to compare the relationship between sentences and predicted relations. Experimental
results show that the mean accuracy of the proposed model is 78% in the NYT data set. The proposed model can effectively use

multi-level feature and improves the accuracy of distant relation extraction task.
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