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Domain Adaptation for Chinese Word Segmentation based on Neural

Network Corrector
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(1. National University of Defense Technology, Changsha, Hunan 410073, China)
Abstract: This paper proposes a neural network based method for Chinese Word Segmentation to enhance its
adaptability and flexibility when transformed to a new domain. Our method bases on the idea of revising the
results of an existing segmenter. This two-phase correction based method does not depend on both the source
domain data and the way of building a segmenter. However, the existing method based on the correction relies on
the feature engineering, which is hard to automatically adapt different domains. We propose a neural network
based corrector to conduct the domain adaptation, which does not require any hand-crafted features. Experimental
results show that, the proposed method achieves better performance and higher robustness on domain text
segmentation compared with the state-of-the-art approach, especially on the recall of OOV (out-of-vocabulary).
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