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A Macro Discourse Primary and Secondary Relation Recognition Method

Based on Topic Similarity

Jiang Feng, Chu Xiaomin, Xu Sheng, Li Peifeng, Zhu Qiaoming
(School of Computer Sciences and Technology, Soochow University, Suzhou, Jiangsu 2150086,
China; Provincial Key Laboratory for Computer Information Processing Technology, Suzhou,
Jiangsu 215006, China)

Abstract: Discourse analysis is an important task in the field of Natural Language Processing. The analysis of
discourse-level primary and secondary relations helps to understand the discourse structure and semantics, and
provides strong support for the applications of Natural Language Processing. Based on the research of micro
discourse-level primary and secondary relation recognition, this paper aims at macro discourse-level primary and
secondary relation and provides a recognition model based on topic similarity with word2vec and LDA. The topic
similarity based on word2vce and the topic similarity based on LDA calculate the semantic similarity on different
dimensions. They are complementary at the semantic level, which enhances the ability of the model to recognize
the macro discourse-level primary and secondary relations. Experimental results on the Macro Chinese Discourse
TreeBank (MCDTB) show that our model achieves the F1-score of 79.9% and the accuracy of 81.82%, which
improves the baseline by 1.7% and 1.81%, respectively.

Key words: macro discourse-level primary and secondary relation; topic similarity; word2vec; LDA
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