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Abstract: There is no sufficient corpus in the geographic domain to support the concept relation extraction
research, thus it is difficult to apply large-scale knowledge map construction technologies such as deep learning.
Alternatively, to solve such problem, several transfer learning based methods have been proposed to transfer the
knowledge from the source domain to the target domain. According to the temporal characteristics of geographic
text, the LSTM neural network is used in this thesis to construct a concept relation extraction model based on word
features and sentence features. According to the lack of geographic concept relation corpus, the LSTM-based
transfer learning method is proposed, which transfers the knowledge of the open domain to the geographic domain,
through transferring trained network weights and retraining fine-tuned, the accuracy of geographic concept relation
extraction can be significantly improved.
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