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A-Active Learning Method

ZHANG Jing, HUANG Degen, HUANG Kaiyu, LIU Zhuang, MENG Xiangzhu
(School of Computer Science and Technology, Dalian University of Technology, Dalian, Liaoning
116024, China)

Abstract: The manual segmented microblog-oriented corpora are inadequate, which is the reason that the
performance of both the conventional Chinese word segmentation (CWS) systems and the deep learning based
CWS systems is still unsatisfactory. To address this problem, we propose a novel active learning method to
effectively select samples with high annotation value from unlabelled tweets for microblog-oriented CWS.
Considering to the characteristics of microblog data, the parameter A is introduced in the procedure of measure
the context diversity of the characters to control the number of the repeatedly selected samples. Furthermore, three
strategies (Max, Avg and AvgMax) are also used to evaluate the overall values of a sample taking advantages of
the uncertainty confidence and the context diversity of the characters in the sample. In addition, for the feature
construction of the initial segmenter, both the basic context of the current character and the probability of the
current character being a stop character which is calculated via character embeddings are taken into consideration.
Our experiments are conducted on the benchmark datasets released by NLPCC 2015 for the shared task of CWS
for microblog text. The results demonstrate that the A -active learning method we proposed obviously
outperforms the baseline system with a gain of 0.84%~1.49% as well as the-state-of-the-art active learning method

Word Boundary Annotation (WBA).
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