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Semi-supervised Classification Method Based on Ensemble Learning

with Optimizing Sample Distribution Sampling

XU Yuhong %, HUANG Peijie*
(1. College of Mathematic and Informatics, South China Agricultural University, Guangzhou
510642, China;
2. School of Computer Science and Engineering, South China University of Technology,
Guangzhou 510006, China)

Abstract: This paper address the challenge of existing text classification methods on instant text information.
Considering the instant text information has marked characteristics of small scale labeled data, in order to improve
the classification performance of semi-supervised learning, this paper proposes a semi-supervised classification
method based on ensemble learning with optimizing sample distribution sampling. First, through a new optimal
sampling strategy, several new sub classifier training sets are obtained, in order to increase the diversity between
training set and reduce the diffusion range of noise, so as to improve the generalization ability. Then, the voting
mechanism based on confidence multiplication is used to integrate the prediction results, and the unlabeled data
are labeled. Finally, the appropriate amount of data is selected to update the training model. The experimental
results show that our approach has better classification performance in long text and short text.

Key words: text classification; semi-supervised learning; ensemble learning; sampling strategy
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