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Towards General Event Coreference Resolution for Multiple Corpora

Zhenhuan Lu, Fang Kong, Guodong Zhou

(School of Computer Sciences and Technology, Soochow University, Suzhou, Jiangsu 215006, China)

Abstract: Event co-reference resolution has obvious impact on many other NLP applications, i.e., discourse analysis, information
extraction, and so on. A complete platform based on CNNs is proposed for event coreference resolution. Three issues are addressed.
Firstly, filtering strategies from the perspective of semantic compatibility and temporal consistency are employed to reduce the
distribution imbalance. Secondly, the combination representation of minimum event self-description and additional relationship
description between events is applied to adapt for different event annotation schemas, i.e., multiple corpora. Finally, a global
inference post-processing is employed to optimize the local optimal solution generated by event-pair model. Experiments on
KPB2015 and ACE2005 corpora show the effectiveness of our proposed approach.

Key words: Convolutional neural network; Global optimization; Feature representation; Event co-reference
resolution
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