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Influence of Prior Knowledge on Neural Networks Model in NLP Tasks

Abstract: With the development of the Internet and the updating of computer hardware, the neural network
model is widely used in natural language processing, image recognition and other fields. At present, the
combination of traditional NLP methods and neural network model is becoming a hot research trend. It is still
unclear whether the prior knowledge which is the practice of traditional methods has impact on the task of neural
network model. In this paper, we have explored the influence of linguistic prior knowledge on neural network
models in several NLP tasks. According to the characteristics of different tasks, we compared the effects of the
different prior knowledge and the different input location on the different neural network models. Through a large
number of comparative experiments, the results show that in some reasonable locations of some neural network,
the prior knowledge can speed up the model’s convergence speed and improve the result, while it is not applicable
for all conditions.

Key words: neural network; natural language processing; prior knowledge
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