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Neural Machine Translation Based on the Divide-and-Conquer Strategy

of Maximal-length Noun Phrase

ZHANG Xuegiang, CAl Dongfeng, YE Na, WU Chuang
(Human-Computer Intelligence Research Center , Shenyang Aerospace University , Shenyang , Liaoning
110136 , China)

Abstract: Neural Machine Translation continues to bring exciting news to the field of Machine Translation since
its rise. But Neural Machine Translation did not make explicit use of linguistic knowledge to analyze sentence
structure, therefore, the translation effect is not good in long sentences with complex structure. This paper is based
on the idea of divide-and-conquer strategy, identifying and extracting the Maximal-length Noun Phrases in a
sentence, and retaining special marks or head words and the rest component to form the sentence framework. In
order to alleviate the sensitivity of Neural Machine Translation to sentence length, through the way of the
Maximal-length Noun Phrases and sentence frames are translated respectively by Neural Machine Translation
model, and the translation of Maximal-length Noun Phrases and sentence frames are regrouped to a complete
translation. Experimental results shows that, the method proposed yields a BLEU enhancement of 0.89 compared
with the baseline system.

Key words: Neural Machine Translation; Maximal-length Noun Phrase; Divide-and-Conquer Strategy
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