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Attention to strengthen Bi-directional LSTM for sentiment analysis
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Culture & Digital Dissemination Research, Beijing 100101, China; 2. Capital Normal University,
Beijing Advanced Innovation Center for Imaging Technology, Beijing 100048,China)
Abstract: In the study of based on deep learning sentiment analysis, traditional attention mechanism is mainly in

the form of serial as the next layer of other model, is used to study other weight distribution of neural network
model output. Based on exploring how to use deep learning to solve sentiment analysis of sentence level task, this
paper proposes a model of attention enhanced Bi-directional LSTM, use attention mechanism directly learn every
word weight distribution of sentiment tendency from the word vector, so as to learn words that can enhance the
classification effect, use Bi-directional LSTM learning text semantic information, eventually improve
classification by means of parallel fusion effect. Through the test on corpus NLPCC2014 sentiment analysis, the
results of the model is superior to the other sentence level sentiment classification model.
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