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Pseudo Topic Analysis Based on Topical Networks
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Abstract: Traditional unsupervised topic models usually represented the document semantic by
using a set of topics where no relationships between the topics, which would result in the
imperfection to the text topic modeling in a coarse—grained manner, and intensify the effect of
the ‘forced topic’ problem for the text topic modeling because ignoring the internal structure
and relationships within each topic. Based on the study of the community inner structure, and
combined with the internal coupling relationships and network topology, this paper proposed a
novel pseudo topic analysis approach. It achieved identify and explain the topic, and accomplished
the description the textual semantic features from the network structure point of view so as to
remedy the deficiency of the textual semantic structure of the statistical topic modeling methods.
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