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Macro Discourse-level Relation Classification Based on Macro

Semantics Representation
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Abstract: The macro discourse-level analysis aims to analyze the semantic relations between adjacent paragraphs
or paragraph groups and is a basic work of other tasks in the field of natural language processing. This paper mainly
proposes a classification model to resolve the problem of relational classification in macro discourse-level analysis.
This model introduces a distribute representation of macro discourse semantics on word vectors and a set of structure
features to improve the performance of classifying macro discourse-level relations in two dimensions. The
experimental results on the Macro Chinese Discourse Tree Bank (MCDTB) show that the F1 value of our model
reaches 68.22%, with 4.17% improvement.
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