YEHRS: 1003-0077 (2011) 00-0000-00

ETFIIARERSHERAIER

SR, B 5
CEREZ RS f5BM%35, LR 100083)

WE: A5 HXRERNERE SN —TEE N . A 5] 2 RSBS00 i, 1 E
A E SRE S A T 5| X —A) (A SC R S D . )RS R R R EARITESE R 5 A L. 518 H
1Al AR, — M N EEESEM GG, R s E R A s, 51 SRR 5] A A
SR BEANE A FETIEAR 5115 5 1R 5] 15 LA R SR gt — B i n 5 8 A SR B AR . IR SC E B 2
WX 5 X —A) 0L R WIS HRR, RAKERNIS (CRF) VLR IRFEE % 5 44BN S &
(BLSTM-CRF) ({77 iE%d 51 AT AN, 51N 51 S A) ih B AR FRAE AT S50 X L. Szt 5 SRR W,
CRF #AIAI BLSTM-CRF #RAUXS 5115 B iR HIRE i 26 43 Bk B 85. 49%FH 80. 19%, F HA 7B E] 78. 75%F!
79. 60%.

R SIEMN FAbRE; &AERENLYG; IRERE ML

FEyEE: TP391 SCERARIREG: A

The Research of Quotation Recognition Based on Sequence Labeling

JIA Honghao, LUO Zhiyong
(School of Computer Science, Beijing Language and Culture University, Beijing,100083, China)

Abstract: The automatic recognition of inter-sentence quotation relationship is an important content in discourse
analysis. The quotation relationship between sentences influences the analysis of sentence groups. At present, there
are few studies on the relationship between quotations in natural language processing. The quotation relationship
between sentences is mainly reflected in the quoted clause in the quotation. The quotation consists of an
introductory clause and a quoted clause. Quotations generally divided into direct speech and indirect speech. The
indirect speech is most difficult to identify. The relative position of the introductory clause and quoted clause is
uncertain, and the proportion of the quotations and non-quotations of the corpus in different fields further increase
the automatic quotation recognition’s difficulty. This paper attempted to make a preliminary exploration of the
relationship between quoted sentences and studied the identification of quotation with conditional random
fields(CRF) and conditional random fields combined with Bidirectional Long Short-Term Memory network
(BLSTM-CRF), and introduced governors the artificial feature to compare the results. The experimental results
show that CRF model and BLSTM-CRF model can achieve 85.49% and 80.19% precision in quotation recognition
and the F value can reach 78.75% and 79.60% respectively.
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