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Fine-grained Opinion Mining Based on Feature Representation
of Domain Sentiment Lexicon

YU Shengwei?, LU Qi!, CHEN Wenliang?

(1. School of Computer Science and Technology, Soochow University, Suzhou, Jiangsu, 215006, China)

Abstract: Fine-grained opinion mining aims at detecting sentiment units and determining sentiment polarity
from opinion text. Recent previous methods are mostly based on sequence labeling models but rarely use the
information of sentiment lexicon resources. This paper proposes a fine-grained opinion mining method based
on feature representation of domain sentiment lexicon. This method generates feature representation by using
domain sentiment lexicon, puts it into the input of sequence labeling model. Firstly, we build a new sentiment
lexicon in E-commerce domain. Then we design feature representation of domain sentiment lexicon for CRF
and BiLSTM-CRF. Finally, we evaluate our systems on E-commerce reviews. Experimental results show that
our proposed method performs well on both models and outperforms the method based on other lexica.
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* 13 LERLER
. - SRR aERE S iy R SR UNIGEAE SR
Swa L P R F1 P R F1
BASELINE 82.33 75.15 78.58 72.63 64.84 68.51
CRE +HOWNET 82.72 75.80 79.11(+0.53) 72.92 65.60 69.06(+0.55)
+DUTIR 82.46 75.52 78.84(+0.26) 72.62 65.33 68.78(+0.27)
+DOMAIN 82.37 77.10 79.65(+1.07) 72.46 66.87 69.55(+1.04)
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BiLSTM- | +HOWNET 80.03 79.00 79.51(+0.43) 70.86 67.41 69.09(+0.14)
CRF +DUTIR 79.39 79.36 79.39(+0.31) 70.52 67.70 69.08(+0.13)
+DOMAIN 81.01 79.90 80.45(+1.37) 73.14 69.27 71.15(+2.20)
* 14 H5HAWF RN
Hm T F bR e 45 VR TR R A A UT R &5 R AT
P R F1 P R F1
Yang et al. 82.97 74.11 78.29 73.00 63.83 68.11
Liu etal. 74.23 76.54 75.37 69.08 63.44 65.69
Ours 81.01 79.90 80.45 73.14 69.27 71.15
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