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Abstract: This paper discusses how to use semantic resources to assist computer in semantic
understanding and commonsense reasoning. Firstly, we point out that human beings live in a
world with common sense and meaning, and that artificial intelligence robots are required to
understand the meaning of natural language to make commonsense reasoning. Then, we briefly
summarize the advantages and disadvantages of two approaches of natural language processing
based on knowledge and statistics. Then, we explain that neither concepts nor language can be
truly understood with statistical methods and Deep Learning can hardly account for any
knowledge. The paper shows with specific cases that Information Dictionary of Notional Word has
been equipped with semantic role information and syntactic configuration of the words, which can
be employed in the knowledge graph and the content computing and served for the improvement
of the artificial intelligence. As the "Qualia Role" describes the encyclopedic knowledge of houns,
it can be used to answer commonsense questions such as what it is (formal role), what it consists
of (constitute role), what it is made of (material role), how it is created (agentive role), and what it
is used for (telic role).
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CTaIFR “ 7 A RF R R i, A OBt ARt i),
A2 EHEE) (BPRD . BATERE) GO G2 MiE (DD, &%, Xk, AR08
15 “HLRAA? 7, T RLEE A A R RS ORI . WSk

W H:

DUEPEE
SRR
RNV

] SRS -

(DG NER

AiER

= 7 AFK ‘B WaREENIERER
FEI AL 01
wéiqi
EAT
H
MRIZFNM—Fh. B DB LIEZ, TR =N M, XU 2
AR E, AR, WERERT T LSRN B .
B FOR: 2. FfF, —FBLk;
PR CON: FEIRE, —Fhoeme ity AR, A EdERR “287 . P78
“Go” o MUTTAWEZ (Ff. H. #i. 8 , REMPEINZZ —. Bz
BT E, AmRAME, EREEN G FEHENSEEE N AR,
AR RIS & E . BIHLZE & PO P, B E S S SR ik
B, R4, ARCVERT R, PR, s, BLEL RN SEgr. kSR wTRUR
PR R R E ] B ACEART . BARARTHASE AT DURSE AR R
PR BUAREE; AT LIRS E K L HAR #E %% F/RiE40 (AlphaGo)
SR — AN FEIBUEF . S — AR FE A 5 ZE ) N T REFE T
AL UNT: AMA: B, %% ghiE: 3. Ik, 5%
PR EVA: KGR, TOLBh. 54, EL. B4 WE. Gl M4 AF.
TR, AL B . AT, 55
Jiti % AGE: K RH, 54,
PAREVAT: BEREL. LR, 545
ThA TEL: R+ Bi. FBAGRSR. FHUAEOE SR . HUALSRE Em T, S5,
ITRACT: KIE. iR, %55,
AREE HAN: fE. B, AN, 3] o, REL . HEL R, Z b
B Kb BT FL. BE. BB PHE. BS. PR, 3R TR N
W MR AR, S
S1: __ (f+) +CON
Wi~ () EIERE | ~ (D) R |~ (B s | ~ () #BtR | ~
CHD B T~ CHD 248 | ~ () Skfg
S2: CON+ (14> _
wn: BFRORER T (D ~ | BEALEIR R (D ~ | BRI (D ~ | AR
(FD ~ [BAR G ~ | FE () ~ | BHA (B ~ | 8E (f) ~
S3: Num+UNI+
w: =g~ | —ft~ | —&k~
S4: EVA+ (H9+) _
Wi ZER D ~ | AL ~ | IERL D ~ | &3 (D) ~ | #0T(RD ~ |
R CHRD ~ | UOslig (D ~ | 5 () ~ | 4 () ~ | B2 (1) ~ |
W () ~ /8l D ~ s (D ~ | AF EHD ~
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S5: AGE+

wi: KEH~

S6:  +ACT

W ~KE | ~3iR

S7: (H+) __+TEL

w: N~ | i~ | A~84% | A~k | A~ m T

S8: HAN+

e K~ | K~ | R~ | o)~ | e~ | 1R B~ | R~ T

L~ | BtF~ | BL~ | B~ | Kb~ | BF~ | Blif~ | 5%~ | @
e~ | P~ | B3~ | FE~ | FF~ | RE~ | M~ | #H)~ | F
Fo~ | BB~

SN EAE, 1% XL T LR T SNV R S &5 SR BIHLES A2 T it
ATHARAERE, IR H R RVE R, thln, FAUESS (B 1) JFASR S hlas N REEEL
St 4TS (YFIE) b, BER-ETH, FEBERERMS 1) ;o ikl
%Aﬂ%ﬁﬁﬁlﬁ%ﬂ%TE¢%@%E%%M%AM%M&Rﬁémﬂ%imuﬁh
55 1 ERIEHE RS £ TR (WLEs Nk 7 AR VR oub™ LR sE —. 58 —k#%) , (E
55 2 REFEY T BT, (URptHEEE & (s AL T PRB A 7R 1), 1553
A (HLas NIE TN AR FEZIRFA S .

Group 1: canonical tools| Group 2: household objects Group 3: stones
Om @ ® ® @ ®
-y ~- Q ® ) il 3} o> ¢

tool
candidates

p . ® ®
U'A -\A
@ ®
f";efb ‘a\!‘(b

B 1 HEASEEHIEES
BATEAE, SEROXAMES, WSS AT 2 Y M st AT HEE R 3G E, 04 2R
VFRELF. Edon, Seith i e vl an X —28 5 & = Cheuristic rules) :

Task 2
shovel dirt

A w0 NN P

ol

N BT O
*® 8 AFK ‘U MAEBXIERER

-7
‘?Xi%ﬁff%: |chdn *7i

ARSI I 1 SCHR[13] -
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)
RN
) SRR -

+d

(ERG RN

IR

417
ik
IR R AP R
JEA FOR: Nig¥). TA;

TR CON: 77 Sk B R . ARAREER G, ARIEFPRIIATH 7. b=

R #8-EH. JLEDLE, 2%,

FALUNE AN AN 48, 255 45 2K,
e WL BT, 5%,

PR EVA: UF. mE. . T, 5
Mipk AGE: i, . Er=. T, 4%,
MR MAT: RN, Ak, B, Rl 55,
IhH TEL: %4, BIZ00. #2900, PB4, 5%,
ITNACT: ART . Wk, 545,

AEE HAN: . $B. &=L B OAil. (EA. $ESh. Do, iR, S

o, A

4z
4

a8

%; Z:E: %y \%;

S1: CON+ () __

u B~ | it~ | e~ | BT~

S2: Num +NUI +

ur =~ | =~ | =~ | e~ | R~ | R~ | —FEH~
S3:EVA+__

e~ | mhE~ | B~ | R~ | R~
S4: MAT + __

R~ | AN~ | B~

S5:_ +TEL

: ~REF | ~REAZARVE | ~ PR ARV

S6: AGE + __

an: G~ | i~ | A~ | I~

S7: __ +ACT

W ~ART | ~HRT

S8: HAN +

o A~ | B~ | T~ | R | i~ | A~ | S~ | B | R~

M SR, BATAT DUR LY T Mg — 2 Resd™ . s XM T A
t, BENE S AR SE ) fh A9 B A AT S ™ - AR 55
FHh AR R ARSI R BUE, TR R XA EC:

BT R CE T
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&, Bk

B 2 H:RRES “BT
ML BE G UM H BT B, (B BN X L it 1 T3 85 3o T NS R TE X 26
R TA A, B Lot e XA PR 3 e, Kl EERRT, R RS

REFHERE Y HABTI A . ROV AR — AR, RERUE AT AT 4 L W A

apilade AT R R AL AL SEY) AR AR G5 TRl G ULES, TRURIL, X
ANGEIEER “%IT7 . NHGERATE M CRT7 1%

% 9 HE BT MAEEXIERES

1 H

BT

W

‘kéting

AR JE

447

A

it

] SLAEERE -

EINCEINA iV MR PSSRl

[ERGI LR

el FOR: Ni&#). Abfr. blals

FIRL CON: SMEHEAHEG, BEARE T #. Wk, &)L 8%, bl
AT,

AL UNL AN AN, ], 5

PR EVAD BEil. B, Eow. AR BR/N. T MRS ATIE. SR,
we AL b EERRE. AN TH Y, S5

Mk AGE: #EE. 2, %45

D TEL: 21 HFE N RN, 5

AbE HAN: b, M. BB, Fim. A Tl T3, 55

IS

S1: __ + ) +CON

m: ~HWIHE | ~HWR | ~HHEM | ~87%)L | ~RmAT

S2:Num+ UNI+

s A | i~ | R

S3:EVA+ (H)) +__

oo TR~ | ISR~ | SR~ | SR~ | PN~ | IR~ |
e~ | HER ~ | BEm~ | Bl () ~ | il () ~ | BLEF
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TREER~ | AN~ | E=E G~

S4: AGE +
wl: R~ | B~
S5:TEL+

e fE~Ti | £~ 1
S6: HAN +

Rt~ | AE~ | B~ | R~ | BA~ | T~ | 3T~
MR, LIIZPIMES AP ELEOR, W ESS ST AN JE TR I 2K,
T 2T S B R A R R R S 2 T T (P R, A RE R i e A

S35 30k
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