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A Transition-based Framework for Chinese Discourse Structure Parsing
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Abstract: As a subtask of discourse analysis, generating a proper discourse structure is critical for discourse comprehension
and downstream discourse applications. Based on Chinese discourse treebank annotated under connective-driven dependency
tree schema, a complete Chinese discourse structure generating framework is proposed which can be used to generate tree-like
structure from plain texts. A statistical result on Chinese discourse corpus are given along with an evaluation protocol to
measure the performance of discourse parser. Furthermore, we compare the effectiveness between different distributed repre-
sentation approaches to encode discourse substructure during parsing.
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