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Abstract :The concept of readability was originally proposed by educators, intended to assist teachers in recommending

suitable reading materials for learners. Along with computer's popularization, the automatic analysis of text readability can be

advantageous in different application scenarios. The analysis techniques for text readability include formula-based method,

classification method and ranking method. This paper further summarized the accessible database and the feature extraction,

which are two of the critical parts in text readability analysis. Finally, we analyze the directions of development in current

research of readability automatic analysis.
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P4 S B se RU3A S G N IR AR &, 1A )
s PUAN T TR 1 17 NMFFAEXT 20 4 K8 ST HEFE
HATEAL, ME T ETIEN IR H S DOE S ]
E 1N /N W e TRk 2R R = VA | R
PEAXIFEHTEE, X#EEERRE — € et
A FHAME -

B T RIS AN, AR R AR 5L % Rt A
POE U R AR T SCAR 4T 7 mT S A AT .
HIF 58 S AR i I SCAS 3 5 5 SCA K B A
W LB A O, SR I L SCAR AL B W2 20
AN TARESE BB ik e —FH W ERE. E
FWFH, HTFIERKERMRS, %252
38 38 F 9 o Sung™™ " W DU SCA AT R
RE|EHAT TR, HFEEEXXARSTTH
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Coh-metrix"™, MJE T M T H LM AN T
H CRIE (the Chinese Readability Index Ex—
plorer), % T 5 32 B I3 H SCSCAS 1 47 42 14 A0 3%
Bite, WA A B AR AR R AE I . A R
WIS R . A TEA. PRI R R
FRAE IRCRRAE . 1RV RRAE A B0 R AR 2 3 2k
P[] AR Y AT AT e P T, B AR T URARRAE
PP TRER R AR PE e (5 . o JEeR " 4 A
FastText i [ & R~ 5 IR B (BRI
W28 ) 0k SCAS AT B VR BEAT 43 R TR

DO SCATT S M 17 H 3 70 B ot 7 AR A T
—LeRE R, (EEAULIAE

D) PUBSCAR TR AR 7 R Bz
J7 VRIS FH A 5 O T A8 LU R R, R 2
B 0 AN R S A 1) 22 AR R AT B BOM 3 A R
WA AR Mtk B, [ &3 (0 nl e e at
FOMREE, MR 2 BE NFER AT S A
I ) R 7 T

2 50 BTN SCAS AT e ) FR AR IS 1
P RMBAE " . — Ty, 5 s IR P AT
B VEE SRR — g & A T 0B SCAS AT B2 1 4t
Foo H—J7MH, A RTEERE T T AE H A %
TR AIE AE 90 055 U5 Ja8 AURFAE 20 EARAE PR, 1B
R 22 0 M AR B AN B8 0E .

3 FELIGMAI NE, AREFBEEAR
FE R SCRT P ) 3 3 A 7T B R AN R .

4) NFF B SCAHME FE AR R RS 2
T 6k Z A TR R A Eds, s Rt
OB RSB R, FEBAL PO I R
HVFRIpiE, S F0 R R X L

4 BEERE

R SO0 I AR SR SO T B ) A B2 B it 7T
1T 7208 B I SOR R BRI, SCAR D Hr
H 2 N, SO TS 90 A /& SCAS 90 Hr 1Y) 2
BNE, WRTENRSE. HE%. BHEFHML
B AR BRI AT B A SR i,
T B AR AT S 1 B A T TR R R e ST
H IR TE 5 AL BEBOR IR 2D T (1 B B iR
BT 2 BEEANTTE . SORTT BRI 74 9 — T
AEEENASRORE, YA REIUT
(LR

D FREERIIMA, GEREEERR, #
BRI FRE 555 ARG B RIAG B
T X HEBER R W SCAS, 7 EE A A OCAS R
BEE, SEGEENRRTREMEER,

2) TRICSCAR RIS SCAME BE 52 m o AATTI5]
TEAS [F] 2 Y 1) SCAT 2 5% FH A [R] ) 2 e A hn T 5%
i, AT A TG X 43t SO AR R SR 1 ST
AAMERERIZERE, SCASME FE 7y AR 2 7= Az 2 A fg
7% (genre bias), A [H T #2350 % XA
(literary texts) MR N5 & 1M ),
= B A (informational text) X4 NEHEAL
(RIXE R 2 ™, BUE TF A S B SR R T
AR, AN AT E IR 4

3) 5 FH VAR A ST T RET (1) SCAR R IR T 1,
R 448 X 24 A 7R R ] i R ) SC AR R
AR BE G RN ¥ IER R MED KR, ]
P A5 Y B 7 I ARRAIE BT DAAS 7% ELA 8 5K
W, RER A TR ES T — 14
BB ST 1)
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