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Tibetan Entity Relation Extraction Based on Joint Model
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2. Minority Languages Branch, National Language Resource and Monitoring Research Center,
Minzu University of China, Beijing 100081, China)

Abstract : Extracting the relationship between entities and entities from unstructured texts is an important research
area in the field of natural language processing. It also provides important support for the construction of knowledge graph,
question answering systems and other applications. The entity relation extraction task based on the joint model performs the
entity identification and relation extraction at the same time, which overcomes the errors by first identifying the entity in the
sentence, and then performing relationship judgment task. In lack of Tibetan corpus and accuracy of entity recognition is low,
this paper proposes a method for extracting Tibetan entity relations based on joint model. This paper proposes the following:
In order to solve the problem that the accuracy of Tibetan word segmentation is low, Tibetan language is preprocessed in both
word-level and character-level, and comparative experiments are conducted. The results show that the use of character-level
processing method is more effective than the word-level. (2) Tibetan is a language with strong grammatical rules. Verbs, lat-
tices, and auxiliary particles can clearly indicate the grammatical and semantic structure relationships between the various
chunks of the sentence. Therefore, this paper adds the Tibetan part of speech tagging feature to the Tibetan. In the character
vector, experimental results show the effectiveness. (3) This paper draws on the advantages of the joint model processing,
proposes a method based on the joint model, and adopts the end-to-end BiLSTM framework to transform the Tibetan entity
relationship extraction task into a Tibetan sequence annotation. The experimental results show that the method is greated than
tranditional methods such as SVM and LR, the accuracy rate is improved by 30%-40%.
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