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Application of Sub-word Segmentation in Mongolian-Chinese Neural

Machine Translation
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Abstract: In the Mongolian-Chinese neural machine translation task, the data sparse problem is serious, which
affects the BLEU of the translation model. This paper studies the application of sub-word granularity segmentation
in the Mongolian-Chinese neural machine translation model. The Byte Pair Encoding algorithm controls the
granularity of the sub-word between the characters and the words and reduces the low-frequency words into
relatively high-frequency sub-units to alleviate the data sparseness problem. Thus, under the condition of limited
data and hardware resources, improve the robustness of the model more efficiently. Experiments show that using
the sub-word granularity segmentation technique in the two models, the BLEU values are increased by 4.81 and
2.96 respectively, and with the corpus is expanded, the effect of shortening the training time is more significant.
Experiments have proved that the sub-word granularity segmentation technique can improve the effect of the
Mongolian-Chinese neural machine translation.
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