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Abstract : Speech is the most natural and ideal way of communication in human-machine interaction, which mainly involves
speech synthesis, that is, text to speech technology.With the continuous deepening of neural network theory, the speech synthe-
sis technology based on neural network has attracted more and more attention. By analyzing the structure and spelling rules of
Tibetan characters, combining Sequence to Sequence model and attention mechanism, this paper studies the technology of Ti-
betan speech synthesis based on neural network. The experimental results show that this method has good performance in the

speech synthesis of Tibetan.
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