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Abstract : Recognize textual entailment(RTE) is a difficult task for natural language processing. In early period, RTE was
based on lexical knowledge and logical reasoning knowledge, which only worked on  specific type. Recently, deep learning
models become a mainstream. But this approach can not locate concrete linguistic fragments in sentences. This paper divides
textual entailment into three main categories: lexical entailment, chunked-based heterogeneous entailment and common-sense
entailment. So we propose the concept of chunked-based heterogeneous to define the task of recognizing chunk boundary. We
establish a chunks annotation standard and labeled dataset. Then we build a rule-based model and a deep learning model re-
spectively to explore the automatic recognition methods. The experimental results show that the deep learning model proposed
in this paper can discover the entailment fragments effectively and provide a reliable baseline for the following research.
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