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Abstract : Reading Comprehension (RC) refers to automatically answering questions relevant to the given text, which has
been paid much attention by the field of artificial intelligence and natural language processing. Many deep learning RC
methods have been proposed. However, these methods do not fully understand questions and the discourse,leading to poor
performance of the model. In order to solve the problem, this paper proposes a reading comprehension method based on
external knowledge and hierarchical discourse representation. The method uses the external knowledge and question types to
enhance question comprehension. And the method utilizes the hierarchical discourse representation to improve the
understanding of the discourse. Moreover, the two subtasks of the question type prediction and the answer prediction are
jointly optimized in a unified framework . Experiments were performed on the DuReader dataset, showing that the proposed
method increased the results by 8% at most.
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